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e Simulated CubeSat telemetry packetized and inserted BPSK 9% 867 817%
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e Randomized code blocks modulated according to e QPSK 939, 719% 499
several standard CubeSat transponder modulation Power (dB)
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space dataset relevant to most space missions
e Simulated dataset used to train neural networks to

method
e To test the usability of the algorithm a ConvLSTM e From both noise itis evident that BPSK was detected

] : : more accurately than other modulation schemes
algorithm was used on a gaussian and phase noise
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Chart 1. Modulation detection performance for preliminary simulated data
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modulation sequences in Cubesat signals e Checking the feasibility of the algorithm using SATNOGs
e Different methods and algorithms can be used to — 1 — received signal on an operating CubeSat
compare the efficiency of modulation detection within : . : .
P . y Figure 3. Modulation schemes and noise types used in simulated dataset e Comparing the efficiency of different algorithms
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