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ABSTRACT

The Factors Affecting Wind Erosion in Southern Utah
by
Mehmet Ozturk, Master of Science
Utah State University, 2019

Major Professor: Dr. Andrew Kulmatiski
Department: Wildland Resources

Wind erosion and dust transport continue to increase in many parts of the world,
leading to decreased soil quality, respiratory diseases, traffic accidents, and accelerated
snow melt. The processes that control sediment flux at small scales of mm to m are well
understood, but the processes that control sediment flux at larger scales of km to
hundreds of km are less well understood. Here, we use 9 years of data from a network of
52 sediment collectors and a machine-learning model to describe the factors that
determine horizontal sediment flux over a roughly 6270 km? area in southern Utah and
western Colorado, USA. Previous-reported regression tree analyses of the first 5 years of
data (soils, vegetation, and weather information) explained 56% of the variation in
sediment flux, and wind speed was the most important variable. Regression tree analysis
of the same dataset improved the variance explained to 64%. Including simulated
estimates of soil moisture further improved the variance explained to 69%. Finally,
including four years of additional sediment collection data further improved variance
explained to 81%. Thus, through several incremental changes, this research improved our

ability to explain variance in sediment flux from 56 to 81% variance explained. In this



v
most complete analysis, variable importance decreased from wind speed > seasonal rain
> soil moisture > sand content. Because additional field-collected data provided the
greatest increase in variance explained, our results highlight the importance of developing
spatially and temporally extensive datasets to improve understanding and management of
sediment flux in semi-arid systems. An important product of this research is a
quantitative model that can be used to estimate sediment flux under various climate or

land use conditions.

(58 pages)



PUBLIC ABSTRACT

The Factors Affecting Wind Erosion in Southern Utah

Mehmet Ozturk

Wind erosion is a global issue and affecting millions of people in drylands by
causing environmental issues (acceleration of snow melting), public health concerns
(respiratory diseases), and socioeconomic problems (costs of damages and cleaning
public properties after dust storms). Disturbances in drylands can be irreversible, thus
leading to natural disasters such as the 1930s Dust Bowl. With increasing attention on
aeolian studies, many studies have been conducted using ground-based measurements or
wind tunnel studies. Ground-based measurements are important for validating model
predictions and testing the effect and interactions of different factors known to affect
wind erosion. Here, a machine-learning model (random forest) was used to describe
sediment flux as a function of wind speed, soil moisture, precipitation, soil roughness,
soil crusts, and soil texture. Model performance was compared to previous results before
analyzing four new years of sediment flux data and including estimates of soil moisture
to the model. The random forest model provided a better result than a regression tree with
a higher variance explained (7.5% improvement). With additional soil moisture data, the
model performance increased by 13.13%. With full dataset, the model provided an
increase of 30.50% in total performance compared to the previous study. This research
was one of the rare studies which represented a large-scale network of BSNEs and a long
time series of data to quantify seasonal sediment flux under different soil covers in

southern Utah. The results will also be helpful to the managers for controlling the effects



on wind erosion, scientists to choose variables for further modeling or local people to

increase the public awareness about the effects of wind erosion.
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INTRODUCTION

Desertification affects 250 million people in the developing world via the loss of
soil nutrients and a decrease in soil productivity, and could potentially impact 2.5 billion
people globally (Okin et al., 2009; Reynolds et al., 2007). Wind erosion is an important
component of desertification (Li et al., 2007; Castillo-Escriva et al., 2019; Yang & Leys,
2014). Sediment transported by wind erosion is associated with decreases in land/soil
quality by removing organic matter in the topsoil (Saha, 2003), decreases in visibility
leading to traffic accidents, changes in snow chemistry (Rhoades et al., 2010; Li et al.,
2013), decreases in snow packs and consequently in water supplies (Li et al., 2013;
Painter et al., 2007; Clow et al., 2016). It is also a public health concern since the
particles transported by wind can cause respiratory problems and diseases due to
windborne viruses (“Mining Topic”, 2018).

Aeolian research studies, designed to understand the factors that determine wind
erosion and inform land management have been performed for nearly a century (Bagnold,
1941; Jickells et al., 2005; Webb & Strong, 2011). At small scales of mm to meters, the
mechanisms of wind erosion are fairly well understood (Zobeck et al., 2003; Shao, 2008).
Broadly, wind erosion can be described as a balance of forces that remove particles from
the surface (i.e., aerodynamic forces such as wind speed), and forces that oppose particle
removal (e.g., soil moisture, soil texture, soil roughness, soil crusts, etc.) (Shao, 2008).
Wind speed is an important aerodynamic force, and surface roughness, soil moisture,
vegetation, soil texture, and soil crust are important for preventing wind erosion. For

example, soil moisture allows capillary forces to develop between soil grains, thus
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preventing wind erosion (Chen et al., 1996; Bergametti et al., 2016) while vegetation can
provide substantial protection against wind erosion by extracting momentum from the
flow and reducing the shear stress acting at the surface (Crawley et al., 2003; Marshall,
1971; Wolfe et al., 1993). Therefore, it is thought that horizontal dust mass will be a
function of vegetation types, soil crusts (biological and physical crust), soil aggregates,
land-use history, soil type, surface roughness, wind speed, and soil moisture (Zobeck,
1991; Webb & Strong, 2011; Breuninger et al.,1989).

Despite wind erosion’s significance and a good understanding of small-scale
factors affecting wind erosion, there is a recognized gap in knowledge of the factors that
determine wind erosion at larger spatial scales of km to hundreds of km (Webb et al.,
2006; Webb & Strong, 2011). A primary problem for understanding large-scale dust
emission is that large-scale measurements of ground-level sediment flux that are needed
to develop and validate models of dust emission are generally lacking (Webb & Pierre,
2018; Xi & Sokolik, 2015; Shao, 2008). Further, because many factors interact to affect
sediment flux, it is difficult to measure sediment flux under all potential combinations of
factors that determine sediment flux (Bryan et al., 1989; Shao, 2008; Webb & Strong.,
2011; Gillette, 1979). As a result, there remains a need for spatially and temporally
extensive sediment flux measurements to improve and validate our understanding of the
factors that determine sediment flux.

Most field studies to date have individually focused on a factor or a few factors
that accelerate and prevent wind erosion. However, many of the factors controlling wind
erosion are related to each other and should be considered together (Webb & Strong,

2011; Zobeck, 1991). For example, soil organic matter facilitates water infiltration,



increases water-holding capacity, and improves aggregate stability while the amount of
soil organic matter can depend on vegetation cover (Franzluebbers, 2002). Therefore,
modeling approaches that can incorporate correlated data streams are needed. Only a few
studies have been done to observe and quantify ground-level wind erosion over large
areas (Flagg et al., 2013; Nauman et al., 2018). Nauman et al. (2018) investigated the
impact of various land uses and climate on aeolian sediment flux and reported that
sediment flux was very high in grazed locations, and climate variables such as
precipitation, temperature, and wind played an important role on the amount of the
sediment transported. On the other hand, Flagg et al. (2013) did examine large-scale
factors determining sediment transport and found that wind speed was the most important
factor determining sediment flux at large spatial scales under different vegetation, soil
covers, and land-uses. Although Flagg et al. (2013) found that seasonal precipitation was
a poor predictor of sediment transport, it is likely that more detailed information about
soil moisture would be important to sediment transport since it has a direct impact on
wind erosion threshold (Chen et al., 1996; Bergametti et al., 2016; Chepil, 1956; Hotta et
al.,1984; Shao, 2008).

Here we tested three approaches to improve the understanding of the variation in
sediment flux using the same network of sediment flux collectors reported by Flagg et al.
(2013). First, we used a random forest model to describe sediment flux. The random
forest has been shown to improve upon the type of regression tree analyses used by Flagg
et al. (2013) (Brieuc et al., 2018; Cutler et al., 2007). Next, we simulated soil moisture
over time at the locations of 10 sediment collectors using the Hydrus 1D soil water

movement model. Finally, we tested model improvement with four years of new data
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because we anticipated that it would require a large amount of data to effectively describe

a large number of interactions that can occur among many different varying parameters.



LITERATURE REVIEW

Desertification is threatening human-beings in arid and semi-arid areas (UNEP,
2016), and it became well-known after it thought humanity hard lessons with 1930°s Dust
Bowls (Field et al., 2009; Shao, 2008; Ravi et al., 2011) and Sahel droughts in the late
1960s and early 1970s (Shao, 2008; Vogt et al., 2011). Wind erosion is a process of
wind-forced movement of soil particles and, as a main character of desertification, played
a significant role in these phenomena (Shao, 2008). The essential reasons that created
profound disturbances to the natural environment can be categorized into anthropogenic
and natural causes (Fig. 1). In most cases, it is difficult to assign the disturbances leading
to dust emission or wind erosion to human-made or as they could be caused by either
(Gillette, 1979). However, enhancing disturbances will boost the adverse impacts of wind
erosion directly or indirectly (Kok et al., 2012; Shao, 2008) by removing soil nutrients
and organic matter (Flagg et al., 2013; Breshears et al., 2009; Li et al., 2007; Lancaster,
2009; Borrelli et al., 2015), impacting air quality (Monks et al., 2009; Saxton 1995),
atmospheric radiation (Tegen et al., 1996), and human health that causes respiratory

problems(“Mining Topic”, 2018 ).
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Figure 1 The causes of intense disturbances to natural environments can be human-induced
or natural.

The early works of Bagnold (1941) on aeolian processes provided useful
information for future studies, and later, many other researchers such as Shao (2008) put
more works and supplied more information to increase the understanding of acolian
processes. These processes include wind erosion, transportation, and deposition of
sediment by wind (Nickling & Neuman, 2009; Ravi et al., 2011; Lancaster, 2009; Belnap
et al., 2011) and occur in different environments from agricultural fields to hot deserts
(Lancaster, 2009). Common features among these environments are sparse of vegetation,
a supply of fine sediments, and powerful winds (Lancaster, 2009). Furthermore, systems
in these environments have a limited amount of water availability: low enough to restrict
vegetation cover, resulting in a high proportion of bare grounds on topsoil exposed to
wind (Belnap et al., 2011).

Movement of soil particles by the wind in these environments takes places in

three different modes (Fig. 2): creep, saltation, and suspension (Bagnold, 1941; Bertici et



al., 2014; Nickling & Neuman, 2009). Soil grain motion can be classified based on soil
particle size; sand-sized particles are generally transported by saltation and creep while
small particles such as clay and silt by suspension (Ravi et al., 2011). Aeolian sediment
flux was defined as a horizontal mass flux (Q) and vertical dust flux (F,) in the previous
studies. Horizontal mass flux has an impact on local vegetation and soil distribution with
saltating and creeping particles within the ecosystem (Larney et al., 1998; Li et al., 2007)
while vertical dust flux is a long-distance transport by suspension (Shao et al., 1993; Li et

al., 2007; Shao, 2008).

°. Suspension

« o -
L o

» o /
Saltation ) — 6 Saltat.on
S

S —"OO

Figure 2 Soil particle movements by saltation, creeping, and suspension (John and Deann,
2009). Large particles will be transported by saltation and creep while small particles by
the suspension.

The association between vertical dust emission and horizontal mass flux is
assumed to be primarily related (Breshears et al., 2009; Bagnold, 1941; Whicker et al.,
2006). Whicker et al. (2014) carried out a study to explore mathematical and empirical
approaches for quantifying vertical flux from the horizontal flux and concluded that
vertical dust is proportional to horizontal flux. However, it is also pointed out that the

punished ratios span several orders of magnitude (Whicker et al., 2014). It is still unclear



why the ratio between Q and F. change so much and it is required to additional
measurements such as soil texture, moisture, surface crust, and vegetation cover to obtain
more insights (Whicker et al., 2014). In another example, dust produced for the same
location was estimated differently by Tegen et al. (2006) and Todd et al. (2007), the
reason was the mistakes in the estimations and assumptions of data (Chappell et al., 2008;
Tegen et al., 2006). Uncertainty in magnitude of dust emission estimates is still
considerable (Webb & Pierre, 2018; Xi & Sokolik, 2015), and field measurements of
aeolian sediment transport remain crucial to resolving this issue (Webb & Pierre, 2018)
because field measurements are important for understanding wind erosion processes and
for evaluating wind erosion models (Shao, 2008). In the past, the problem with field
measurements is that they were not adequate in the capacity for testing wind erosion
models (Chappell et al., 2003; Shao, 2008). Therefore, monitoring programs must have a
good design with enough samplers and other equipment (Table 1) to support analysis and
models to understand drivers and effects of wind erosion (Shao, 2008; Webb & Pierre,
2018). These ground-based stations are important to measure factors affecting wind
erosion since the balance between friction velocity (#+), a measure of wind shear at the
surface, and threshold friction velocity (#«,) which defines the minimum friction velocity
required for wind erosion to occur will depend on the interactions of these factors as Shao

(2008) mentioned.



9

Table 1 A list of parameters should be measured in field experiments (Shao, 2008) to
evaluate wind erosion models.

Measurements Purposes
Saltation flux & particle size Sand drift & saltation models
Dust concentration & particle size Dust concentration, emission &
deposition
Wind speed Friction velocity, roughness length,
land-surface model
Wind direction Weather
Air temp., humidity & pressure Weather, land-surface model
Solar radiation Weather, land-surface model
Precipitation Weather, land-surface model, crust
Soil Moisture Threshold friction velocity, crust
Frontal-area index Threshold friction velocity, roughness
length
Fraction of cover Erodible area, saltation & dust models
Soil particle size distribution Threshold friction velocity, saltation
& dust models

Sediment Sampler

Big Spring Number Eight (BSNE) is commonly used to measure the material
transported by wind at different levels above the soil surface (Goossens, 2000). The
advantages of BSNE are; it is robust and can collect large amount of sediments, and it
can efficiently collect a very wide range of particle sizes (Goossens, 2000). The
calibration of BSNE has been done in wind tunnel studies (Fryrear, 1986; Shao et al.,
1993; Funk et al., 2004), it is used for catching sediment to calculate the total mass

transport related to soil losses by wind erosion (Mendez et al., 2011).
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Vegetation

There are many factors affecting wind erosion, and vegetation (cover, structure,
and distribution) is thought to be one of the most critical factors because vegetation can
provide substantial protection against wind erosion by extracting momentum from the
flow and reducing the shear stress acting at the surface (Crawley et al., 2003; Marshall,
1971; Wolfe et al., 1993). Furthermore, Li et al. (2007) found that as lateral cover, a
function of plant number density and vertical dimension, declines below 9%, wind
erosion increases dramatically. Disturbances cause the vegetation shifts in drylands from
grasses to shrubs resulted from overgrazing, agriculture, droughts, and intensity and
frequency of fires (Field et al., 2012; Li et al., 2007; Ravi et al., 2007; Shao, 2008). These
shifts result in the formation of shrub islands (Island of Fertility) where soil nutrients are
progressively confined to zones of litter accumulations beneath canopy covers while bare
grounds become nutrient-poor (Field et al., 2012; Li et al., 2007; Ravi et al., 2007). Size,
shape and spatial distribution of bare grounds between canopies in drylands resulted from
the shifts will determine the susceptibility level to wind erosion (Aguiar & Sala, 1999;
Okin et al., 2009) and will lead to a significant increase in aeolian activity (Li et al.,

2007; Tchakerian, 2014).

Soil Moisture

The distribution of vegetation and resources in the drylands will determine the
soil infiltration capacity, runoff, and soil erosion rates (Puigdefabregas, 2005; Ravi et al.,
2007). Wetter surfaces will support vegetation establishment, while vegetation growth

will be difficult in drier soils (Ravi et al., 2007). Also, soil moisture will influence the
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effect of wind erosion as wetter soils prone to be more cohesive and hence have higher
erosion thresholds (Cornelis et al., 2004; McTainsh et al., 1998; Ravi & D’Odorico,
2005). Surface soil moisture is exceptionally significant for controlling entrainment and
transport of sediment (Lancaster & Nickling, 1994; Nickling & Neuman, 2009). It
contributes markedly to the binding forces that stick the particles together through

adhesion and capillary effects (McKenna-Neuman & Nickling, 2010).

Wind Speed

The relationship between wind speed and the aeolian sediment movement has
long been known (Bagnold, 1941). The erosion processes occur when the wind speed
exceeds the minimum value of threshold velocity (Ravi & D’Odorico, 2005; Shao, 2008).
The monthly change of wind erosion mostly illustrates a maximum in the spring season,

when wind speed is at a maximum and surface protection by vegetation is at a minimum

(Shao, 2008).

Soil Texture

Threshold friction velocity (uxt) is related to a range of surface properties, such as
soil texture, soil moisture, and vegetation, so the physical properties of soil particles
(shape, size, and density) play a significant role in the processes of particle entrainment,
transport, and deposition(Shao, 2008). Soil particles are classified into four categories as
gravel (2,000 um < d <2 m), sand (63 < d <2,000 um), silt (4 < d <63 um) and clay (d
< 4 um) (Shao, 2008). Soil texture is an inherent soil property that changes very slowly
with time. The soil texture classification used by the U.S. Department of Agriculture is

shown in (Fig. 3), and this classification is widely used. In general, coarse soils such as
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sands are more erodible than finer-textured soils such as clay loam soils since soils with a
high clay content normally exist as soil aggregates(Shao, 2008). Soil aggregation is more
resistant to wind erosion as particles are physically bound together by plant roots, soil
organic matter, and micro-organisms (Barthés & Roose, 2002; Herrick et al., 2005; Rabot
et al., 2018). Also, the amount of water which can be absorbed into the soil is the

function of clay content.

S,
%)
................... 2.
-‘. . ") : ?
s\ 509
QQ; 77777 ' ’ . R 60 t%
Clay Loarn 70
30. N \Clay ‘Loa

60 500 40" 30- 20~ 10- 0

Percentage of Sand

Figure 3 Types of soil texture based on the percentages of sand, silt, and clay by the United
State Department of Agriculture.
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Soil Crusts

Sediment transportation from soil surfaces depends on the force of wind needed to
detach particles from soil surfaces (Belnap & Gillette, 1997), which was defined as
threshold friction velocity (Shao, 2008). The existence of physical and biological soil
crusts changes many features of the soil surface and thereby play a crucial role in the
drylands to protect the surface from the force of the wind (Belnap et al., 2001; Greene et
al., 1993). The physical crust can be created by the impacts of raindrops, animal
trampling, vehicular traffic and they can form almost any texture except coarse sandy
soils that include very low silt and clay (Belnap et al., 2001; Lemos & Lutz, 2010).
Physical crusts are protective against wind erosion in bare grounds of arid and semi-arid
areas, where precipitation and vegetation cover are low, and the temperature is high.
Unlike physical crusts, soil surface roughened by biological crusts can increase
infiltration, decrease water runoff, and hold organic matter(Belnap et al., 2001; Belnap et
al., 2005). However, biological soil crusts are very sensitive to disturbances, especially in
soils with low aggregate stability such as sandy soils (Belnap & Gillette, 1997).

It is highly possible to connect the factors affecting the wind erosion directly or
indirectly to each other as it was mentioned above. Most of the field studies evaluated the
effects of these factors individually, or a combination of these factors on wind erosion as
more data collection requires more labor, funding, and time. Environmental data and soil
characteristics may change tremendously from one ecosystem to another ecosystem over
time and space, and these factors and their interactions with each other will determine the
intensity of wind erosion(Shao, 2008). Therefore, evaluating these factors on wind

erosion as a whole provides useful information for future modeling and modeling errors.
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To elucidate the interactions between wind erosion and site factors, some
statistical approaches were used in the past, for instance, a large-scale study was
conducted to assess the spatial distribution and temporal patterns of dust emission using a
regression tree (Flagg et al., 2013). Random forest, a machine learning model, started
gaining popularity in ecological studies (Cutler et al., 2007; Prasad et.,2006; Zanella et
al., 2017) since it can handle complicated and non-linear ecological datasets (Cutler et
al.,2007; Zanella et al.,2017). Moreover, the random forest is more suitable for these
studies because a regression overfits as the data gets large (Fox et al.,2017). Unlike the
random forest model, a decision tree can also fit exactly but fails to generalize on new
samples (Faraway, 2005).
The overarching objective of this study was to describe ground-level sediment

flux in southeastern Utah. To accomplish this aim and answer the study questions, a
machine learning model (i.e., random forest) was used to assess the interactions between
horizontal sediment flux and other factors (soil moisture, soil texture, precipitation,
temperature, soil roughness, vegetation, grazing rates, canopy gap, and wind speed).
More specifically, we 1) test the ability of a new machine-learning approach to describe
the complex interactions that determine sediment flux in the sampling network, 2) test the
importance of soil moisture by integrating soil moisture data into our new model of
sediment flux, and 3) test model improvements achieved by extending sediment flux

sampling in the network for an additional four years.
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MATERIALS AND METHODS

To test the ability of a random forest model to describe variation in the sediment
flux dataset, we re-analyzed sediment flux data (2007 to 2012) reported by Flagg et al.
(2013). To test the ability of soil moisture data to improve estimates of variation in
sediment flux, we simulated soil moisture from climate and soil texture data using the
Hydrus 1D soil water movement model, then re-analyzed sediment flux data reported by
Flagg et al. (2013) using both the random forest model and soil moisture data. Finally, we
collected an additional four years of data (2015 - 2018) and constructed a new model of
sediment flux using a random forest model, simulated soil moisture data and four years of
additional data. Further, additional data on soil roughness (chain method (Saleh, 1993))
was added to the dataset. Additional single-parameter effects on sediment flux are also
provided (e.g., vegetation type, season, grazing condition) since Flagg et al. (2013)
reported them as important variables on sediment flux and soil roughness is also
an important variable in the bare grounds between canopies (Okin et al., 2009; Shao,
2008). All variables, including climate and site characteristics, were divided into seasons

based on the sediment mass collection date.

Study Area Description

The study area covers a roughly 6270 km? area of southeastern Utah, and extreme
western Colorado in the Colorado Plateau (Fig. 4). Big spring number eight (BSNE; cite)
collectors (52) were located between 1,000 and 2,200 m elevation (Flagg et al. 2013).
The area has a dry climate characterized by hot summers and cold winters. Annual

precipitation varies widely among sites (150 mm to 400 mm). Mean annual temperatures
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range from 9°C to 15 °C (Figs. 7 & 8). Dominant plant types (>25% total cover at times
of field survey) in the locations of dust samplers (Fig. 4) are Pinyon-Juniper woodlands
(Pinus edulis and Juniperus osteosperma), sagebrush shrublands (4Artemisia tridentata),
blackbrush and ephedra shrublands (Coleogyne ramosissima and Ephedra virilis), and
perennial grasslands (Achnatherum hymenoides, Hesperostipa comate, Bouteloua gracilis
and Hilaria jamesii). Also, some sites are dominated by various saltbrush species
(Atriplex confertifolia, A. corrugata, and A. gardneri) and exotic annual plants including
the annual grass cheatgrass (Bromus tectorum), and exotic annual forbs halogeton
(Halogeton glomeratus) and Russian Thistle (Salsola tragus) (Duniway et al., 2016;
Flagg et al., 2013). Mancos sites (<20%) were characterized by their lack of perennial
vegetation (Laronne and Shen, 1982; Flag et al., 2013) and defined by Mancos Shale
parent material (Duniway et al., 2018). Dominant plant types were grouped into
grassland, blackbrush, sagebrush, saltbrush, and pinyon-juniper woodlands based on the
lateral cover and vertical dimension of plants since these criteria were recommended to
monitor wind erosion in vegetated desert ecosystems (Li et al., 2007). Sites with soil
derived from Mancos Shales, which generally have a 0.8-2.3 cm thick physical crust
formed by cementation of soluble salts and clays (Godfrey et al., 2008) were put in a
separate group. Mancos sites have sparse vegetation that is sensitive to grazing
disturbance, though can have high biological soil crust cover when protected (Duniway et
al. 2018). Biological soil crusts are also common in undisturbed (e.g., grazed or traveled
by humans) soils and known to be important for preventing wind erosion (Belnap &
Gillette, 1997). Sand-sized particles dominated surface soil texture across study sites with

a high variation ranging from 11.7% to 95.9% (0-10cm depth).
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Figure 4 Location map of the study area, which includes the location of BSNE dust traps.

Meteorological Data

Before 2015, hourly wind speed from two stations (“Dugout Ranch”) operated by
USGS and Canyonlands Field Airport, and precipitation was obtained from six stations
including 4 stations of National Oceanic and Atmospheric Administration (NOAA)
(Flagg et al., 2013). After 2015, 15 anemometers to measure hourly wind speed at 3-
meter heights were installed in 15 locations. Daily precipitation and temperature data
were acquired from 24 different stations of USGS, NOAA and Canyonlands Research
Center, Moab, UT Climate variables were averaged over sampling periods of sediment-
flux (collection dates in March, July, October). Wind data was calculated as total hours of

the wind exceeding 8 and 12 m s! as well as mean wind speed and mean peak speed (i.e.,



18
the maximum measured speed) during a sampling period. The sums and means of

precipitation and temperature during a sampling period were also calculated.

Sediment Flux Monitoring

The U.S. Geological Survey (USGS) started a landscape-scale study to monitor
sediment horizontal mass flux (g) on the Colorado Plateau in 2004 by installing 85
BSNEs (Big Spring Eight) (Flagg et al., 2013). Fifty-two of these samplers remain intact.
BSNEs are commonly-used passive horizontal sediment flux collection devices (Fryrear,
1986; Ikazaki et al., 2009). BSNEs were used to collect dust mass at 15, 50, and 100 cm
above the soil surface (Fig. 5). Each BSNE site was installed 50 m from unpaved roads
and at least 1 m away from perennial vegetative obstructions (Flagg et al., 2013). Sample
collections were performed three times a year on Spring (March), Summer (July), and
Fall (October) before the samplers were filled to capacity. Dust collected in the boxes of
the BSNEs was washed using deionized or purified water into plastic bags and dried in an
oven at 60 ° C to constant mass (g) to the nearest ten-thousandth of a gram. Organic litter
>1 mm in diameter or/and longer than 1 cm in length and dead insects (bees, flies, etc.)
were weighed separately. Sediment-flux was calculated by dividing the recorded sample
mass by the area of the BSNE opening (10 cm?) and the sampling period duration at each

collection height. Sediment flux is thus reported as grams’ meter? day'.
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Figure 5 Photograph of one of the 52 dust collection sites used in this research, Moab, UT,
USA. The ‘big spring number eight’ (BSNE) dust collectors have a wind vein to orient an
opening into the wind at 15, 50, and 100 cm heights. BSNEs were fenced to exclude cattle.
All collectors were located at least 50 m from a road.

Assessment of Physical Site Characteristics

Soil cover, including litter, rocks, vegetation, and biotic crusts was measured as in
Flagg et al. (2013) using the line-point intercept method (Herrick et al., 2005). More
specifically, 50 m long transects in the directions of 110, 220, and 330 azimuths from true
north were located around BSNE samplers, April 2017. Vertical point hits in every 25 cm
to the ground from a standard height next to the tapes were recorded as soil crusts, rock
fragments, woody debris, plant litter, bare ground and plant species along each
transaction. Canopy and basal gaps were also measured and classified into four groups as
25-50 cm, 50-100 cm, 100-200 cm, and larger than 200 cm (Herrick et al., 2005). Also,

the mean values of both canopy and basal gaps were calculated (see Fig. 6).
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Plant canopy
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Figure 6 Demonstration of canopy gap and basal gap. If the plant-interspace is less than
20 cm, then it is not described as a canopy gap (Herrick et al., 2005).

Soil surface roughness (mm) was calculated with the chain method (Saleh, 1993).
A 40-mm chain was placed on the soil surface at 9 points of every transect (in every 5
meters), and the measurement was repeated three times (in the angle of 110°,220°,330°)
to provide repetitions. After replacing the chain on the soil surface, the length of the

chain was measured and recorded.

Soil Moisture Prediction

The soil water movement model, Hydrus 1D, was used to simulate continuous soil
water content at 5, 15 and 30 cm depths in 10 of our collection sites (Simunek et al.,
2008; Gupta et al., 2014). Hydrus simulates water and energy fluxes as a function of soil
texture and meteorological data, including precipitation, temperature, radiation, wind
speed, and relative humidity. Hydrus 1D model simulations were calibrated using
observed soil moisture data (Simunek et al., 2012). Soil moisture was measured at 5 cm
depths in 10 sites using capacitance reflectometry sensors (EC-5, Decagon Devices, WA,

USA), though six of ten sensors were damaged by animals or people. Additional soil
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moisture data from 2004 to 2009 at 5 cm were provided from two stations operated by the
U.S. Geological Survey (USGS). The data acquired from the stations were used to

compare model predictions to the observed values using a regression model.

Data Analysis

a. Variations in Sediment Flux

Sediment fluxes under various soil covers and different parameters were
evaluated in the previous study (Flagg et al., 2013), but with the extended and improved
dataset, the variations in the sediment fluxes were re-observed and re-analyzed under
different vegetation types and soil cover, land use, and seasons. For this purpose, some of
the parameters in the dataset were categorized to observe how mean sediment flux
changes under these circumstances. The year is divided into spring (March-July),
summer(July-October), and winter (October-March) based on the collection date of
sediment flux. The grazing condition of each site was evaluated as grazed, no graze, and
some-graze. Dominant plant types were grouped into grassland, blackbrush, sagebrush,
saltbrush, and pinyon-juniper woodlands, and mancos soil sites were also included to this
group.

The distribution of sediment flux over soil surface covers (grassland, blackbrush,
sagebrush, saltbush, mancos, and pinyon-juniper tree), conditions (grazed, some grazed
and non-grazed), and seasons (spring, summer and winter) were investigated utilizing an
analysis of variance (ANOVA) test (alpha=0.05) within groups. All sediment flux values
were log-transformed to provide the assumptions of ANOVA (distribution and

homogeneity). Although BSNEs were installed at 15 cm, 50 cm, and 100 cm, the
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analyses are conducted from the samples at 50 and 100 cm heights at all sites to avoid
sample size limitations due to vegetation obstruction of BSNE rotation. Tukey’s Honestly
Significant Difference (HSD) posthoc test (confidence level =95%) was applied if the
differences in sediment fluxes between vegetation types, seasons, and grazing conditions
are statically significant. Then, the mean sediment flux (sum of sediment at 50 and 100

cm, and back-transformed values) of all the sites were reported.

b. Random Forest Model

One of the biggest challenges in environmental studies is to deal with complex
and non-linear datasets. Ecological data are non-linear and have complicated interactions
among the variables with lots of missing values which can be handled by random forest
(Brieuc et al., 2018; Cutler et al., 2007). Machine learning techniques such as Random
Forest (RF) (Breiman, 2001) are widely used to handle complex variables and RF
provides better results compared to most methods in common use (Brieuc et al., 2018;
Cutler et al., 2007; Fox et al., 2017; Prasad et al., 2006; Zanella et al., 2017). Therefore,
using RF can manifest better understanding of the interactions among the forces driving
wind erosion and determining most effective factors, which will be helpful to choose the
variables (soil moisture, soil texture, wind speed, etc.) to put into the further modelling of
susceptible places to wind erosion and shed light on why wind erosion occurs. We used
this machine learning model to describe the relationship between sediment flux and the
factors affecting wind erosion. More specifically, a random forest modeling was used to
1-) compare the performance of the random forest model against a regression tree for the

data used in the previous study, 2-) investigate the impact of soil moisture on wind



23
erosion with the same dataset, 3-) observe the improvements of the model by extending
dataset, 4-) to determine the most effective factors on wind erosion in the study area.

A dataset was prepared to run a random forest model in the R environment using
a randomForestSRC package (Ehrlinger, 2014). Plant community, season, peak wind
speed, total hours of wind >8 ms™!, total hours of wind >12 ms™!, seasonal precipitation,
antecedent precipitation, soil texture, soil stability, BSC cover, annual plant cover,
percent perennial plant cover, and plant gap means were used as predictor variables since
they were used as predictors with 951 observations in the previous study. The proportion
of variation of the response variable explained by the tree (variation explained)
determines the strength of a regression tree or a random forest regression tree (Brieuc et
al., 2018). Therefore, model results were compared to evaluate the power of a random
forest model based on variance explained.

Predictions of soil moisture at three different depths (5,15 and 30 cm) over the
study area were added to the dataset to investigate the impacts of soil moisture on wind
erosion, and then the random forest model was re-run. In contrast to traditional methods,
the random forest model has a unique variable selection method (Cutler et al., 2007;
Zanella et al., 2017). Briefly, variable importance (VIMP) is determined by a prediction
error approach (Ehrlinger, 2014; Hastie et al., 2009), the difference between the error
rates of modified and original data, divided by the standard error, is a measure of the
importance of the variable (Cutler et al., 2007; Ehrlinger, 2014). Therefore, variables
with large VIMP values are more important (Ehrlinger, 2014). Based on VIMP criteria,
the significance of soil moisture compared to the other parameters was revealed.

Moreover, partial dependence plots (Hastie & Tibshirani, 2000) can be utilized to
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illustrate the association between the individual variable and response variable (Cutler et
al., 2007). After extending the dataset with new collections of sediment flux and soil
moisture, the improvements in the random forest model was examined to determine if
further data collections were necessary or not.

Unlike other methods, the random forest does not require N-fold cross-validation
since an out-of-bag (obb) is almost identical to that obtained by N-fold cross-validation
and 1s used to get estimates of variable importance (Hastie et al., 2009). The optimization
of random forest can be conducted by adjusting two parameters: the number of trees
grown (ntree) per forest and the number of predictors to randomly sample at each node
(mtry) (Goldstein et al. 2010). Increasing the values of ntree and mtry will generally
develop the accuracy of the random forest until the OOB, or PVE (proportional variance
explained) catches a plateau (Brieuc et al., 2018; Goldstein et al., 2010). After acquiring a
stable value of OBB, increasing the values of ntree and mtry do not develop predictive

power (Brieuc et al., 2018).



RESULTS

Climate Data Analysis

Climate data varied widely across study years, providing inference to a wide

range of climate conditions (Figs. 7-9).
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Figure 7 The percentage of mean precipitation for each site to the annual mean
precipitation is shown. For 2012, BA and BC sites had the most precipitation (174% and

179%, respectively), these sites had 74% and 79% more precipitation than average
precipitation for the year. For 2013 and 2014, NH site had the lowest precipitation

percentage (87% less precipitation than the average).
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Figure 8 The distribution of annual mean temperature (°C) based on sites and years.
Mean temperature ranges from 4.5 to 18 °C over the sites and years.
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Figure 9 Annual mean wind speed distribution in five study areas over the years (from
2015 to 2018 for new collections). Each bar shows the mean value of wind speed for a
different site. Wind speed changes from 0.51 m second™! to 1.84 m second™! for B16
(blue), B8 (orange), Hart2 (green), Hatch1 (red), and RO-FC (purple).
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Simulated estimates of soil moisture at 5 cm were correlated with observed soil

moisture at 5 cm (F1 3813 =3382, p < 0.05, R2=0.47).

Sediment Flux Variations

Sediment flux variation was evaluated under vegetation types and soil cover,
grazing conditions, and seasons using the whole dataset from 2004 to 2018, with a data
gap from 2013 to 2015. The mean sediment flux (sum of sediment at 50 and 100 cm, and
back-transformed values) of all the sites under different vegetation covers range from
6.95+5.91 gm?day! to 18.76 + 18.76 g m? day’!. Sediment flux differed among
vegetation cover and soil type (Fs, 1460 = 5.705, p < 0.001). Tukey’s Honestly Significant
Difference (HSD) post-hoc test (confidence level = 95%) revealed differences among
vegetation types (Fig. 10). Mean sediment flux was the lowest under pinyon-juniper sites

(6.95+5.91 gm? day"!) and the highest in the blackbrush (18.76 + 18.76 g m™ day™).
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Figure 10 The distribution of mean sediment flux (g m day™') under different vegetation
types and soil cover. Sediment flux (g m? day™) is the highest in Blackbrush while it is
the lowest in Pinyon-Juniper (PJ). According to Tukey’s HSD post-hoc test (A-B), there
was a significant difference in the mean values of sediment fluxes between Blackbrush

and other vegetation types.

Mean seasonal sediment flux ranged from 9.66 + 15.25 g m™ day™! to 13.78 +
20.66 g m? day! among the grazing conditions and from 4.09 + 5.92 g m? day! to 17.29
+19.66 g m? day! among seasons over the sites. Sediment flux also differed among
seasons (F2,1463 = 405.8, p <0.001) and grazing conditions (£72,1453 = 8.255, p <0.001)
(Fig. 11). Sediment flux was greatest during the spring (17.29 + 19.66 g m day™') and
summer (12.45 + 17.48 g m day’!) while it was the lowest in the winter season (4.09 +
5.92 g m? day!). Sediment flux was greater under the grazed conditions 22.20 £22.72 g
m2 day™! in spring and 15.94 + 24.10 g m day! in summer while no-graze has highest

sediment flux (4.88 = 5.50 g m™ day') in the winter (Fig. 11).
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Figure 11 The distribution of mean sediment flux (g m day™') by seasons (Winter,
Summer, and Spring) and conditions (Grazed, Some Graze, and No Graze). Sediment
flux (g m day') was the highest in the spring season and grazed condition. According to

Tukey’s HSD post-hoc test (A-B), there were significant differences within seasons and
grazing conditions.

Random Forest Outputs

The random forest model was performed with 951 observations for sediment flux
(the dataset of the previous study), the best model for this dataset explained 60.56% of
the variance (MSE=0.08). Variable importance decreased as follows: wind speed (m
second ™), precipitation (mm), soil texture (%), and bare ground percentage as primary

drivers of sediment flux over the drylands of southern Utah from 2007 to 2012 (Fig.13).
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Figure 12 Variable importance in random forest model of seasonal sediment flux with
951 observations. Wind speed, sand, seasonal rain, bare ground, and biological soil crust
were the top five most important factors while canopy gap and basal gap were the least
important variables describing sediment flux.

In the random forest model, mean square error (MSE =0.06) and variance
explained were calculated using Out of Bag Errors for the second model to evaluate the
effects of soil moisture on sediment flux. Soil moisture data improved model
performance. The variance explained for the best random forest model was 64.47%, with
an increase of 3.91% compared to the previous model performance. The ranks of wind
(>8), wind (>12 m second™), peak wind (m second™!), and sand (%) did not change in the
variable importance table (Fig.14). However, the contribution of seasonal rain (mm)

decreased with added soil moisture predictions at 5, 15, and 30 cm depths.
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Figure 13 Variable importance in random forest model of seasonal sediment flux with
951 observations and the impact of soil moisture on sediment flux. Wind speed, sand
content, soil moisture, biological soil crust, and bare ground were the top five most
important factors while canopy gap and basal gap were the least important variables
describing sediment flux.

Finally, we tested the random forest with the full dataset from 2006 to 2018. The
variance explained by the model was 80.6% with 1468 observations (MSE=0.06). We
took out wind speed (>8 and >12 m/s) since there were missing values in the wind gust
and it cropped the numbers of observations used by the model. However, we added soil
roughness measurements. Wind speed (m/s), seasonal precipitation (mm), soil moisture
(%) (at all levels), sand content (%), and biological soil crust were most important factors

(Fig. 15).



From 2007 to 2018

Wind Speed(m/s) -
Precipitation (mm)
Seasons

Wegetation Types -
Sand Content(%)

Soil moisture at 30cm
Soil moisture at Acm ]
Soil moisture at 15cm ]
Biological Soil Crust(%)
Bare Ground (%)
Annual Plan(%) 7
Basal Gap =100cm 7
Soil Rougness Index
Basal Gap mean -
Basal Gap =50cm -
Canopy gap =100cm
Grazing Conditions
Canopy Gap mean -
Canopy gap =25cm T
Soil stability

Canopy gap =50cm 7
Plant Cover(%) 7
Canopy gap =200cm 7
Basal Gap =200cm T
Basal Gap =25cm

=
o
=

Figure 14 Variable importance in random forest model of seasonal sediment flux with
1468 observations from 2006 to 2018. Wind speed, seasonal precipitation, seasons,

0.05
Variable Importance

=
=k
=

32

vegetation types, sand, soil moisture, biological soil crust, and bare ground were top ten

most important factors while canopy gap and soil stability were the least important

variables describing sediment flux.
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DISCUSSION

Here we used a spatially and temporally extensive dataset to model sediment flux
in the Colorado Plateau. By using a machine learning model, simulating soil moisture
with a soil water movement model and increasing sample size (54% more data from a
new four-year sampling period), this research improved the explanation of variance in
sediment flux from 56% to 81%. Increasing sample size allowed the greatest
improvement sediment flux variance explained. This likely occurred because models of
sediment flux must account for interactions among many correlated and simultaneously
varying parameters such as wind speed, vegetation type, soil texture, and soil moisture
and carry over the effects from year to year. While this dataset proved very effective at
describing variation in sediment flux in the study region, this research highlighted the
need for temporally and spatially large datasets for understanding sediment flux. We also
tested the ability of random forest analyses and soil moisture data to improve model
estimates of sediment flux. Random forest analyses provided a moderate improvement
(i.e., 56 to 64%) and are recommended for future research. Estimates of soil moisture
provided surprisingly small improvements in model performance, likely because
previously-used precipitation data were likely to be well correlated with our new soil
moisture estimates.

Consistent with previous research, our model (Fig. 12) indicated that wind speed
is primary determinant of sediment flux in the study area. In the contrast to the previous
study at the study site, but consistent with studies in other systems, we found a strong

relationship between sediment flux and precipitation (Bach et al., 1996; Urban et al.,
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2009). Also, our new analyses detected an important role of sand content, bare ground,
and biological crust. Biological soil crust is a good protector for bare grounds, but sandy
soils and bare grounds are more susceptible to wind erosion. Low water-holding capacity,
weak aggregate stability, and insufficient organic matter content of sandy soils make
them more vulnerable to wind erosion. So, bare soil surfaces with high sand content and
low soil moisture are exposed to high wind speed, thus resulting in high sediment fluxes.

Adding soil moisture data for 5, 15, and 30 cm depths (Fig. 13), increased the
variance in sediment transport explained from 61% to 64%, presumably because soil
moisture is important for controlling entrainment and transport of sediment through
adhesion (Lancaster & Nickling, 1994; Nickling & Neuman, 2009). Typically, in wind
erosion studies, only soil moisture in the top few cm are considered (Selah and
Fryrear,1995; Chen et al., 1996; Bergametti et al., 2016), but here we tested for the
effects of soil moisture at 5, 15 and 30 cm. Interestingly, we found that simulated soil
moisture at 30 cm was more important than soil moisture at 5 or 15 cm. It is not clear
why this occurred, though it is possible that deeper soil moisture was associated with
greater plant growth, root exudation, and other factors that affect sediment flux.
Furthermore, the contribution of seasonal rain to the model performance decreased after
adding the soil moisture predictions suggesting that these variables explain similar
patterns of variation in the dataset. This shows that soil moisture predictions (4.83 %)
explained more variance than seasonal rain (2.93%) did.

After adding new four years of data from 2015 to 2018, the contribution of
precipitation to the model increased and explained more variance than soil moisture

predictions (Fig. 14). Therefore, precipitation can be an alternative to limit wind erosion
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if soil moisture data is not available since it directly affects soil moisture (Bergametti et
al., 2016).

Unfortunately, most of the factors affecting wind erosion in this model except for
vegetation types, biological soil crust, and site conditions cannot be controlled; it is likely
to increase over time with climate change. The effects of vegetation types on sediment
flux were consistent with the results from previous studies (Belnap et al., 2009; Floyd &
Gill, 2011; Flagg et al., 2013). The vegetation types played an important role as the
aerodynamic roughness in our model because they are a representation of the capacity of
the surface for absorbing momentum and is important quantity in wind erosion studies
(Crawley et al., 2003; Marshall, 1971; Wolfe et al., 1993). Different vegetation types
have different bare grounds between canopies. Size, shape, and spatial distribution of
bare grounds between canopies in arid and semi-arid regions determine the susceptibility
level to wind erosion (Aguiar & Sala, 1999; Okin et al., 2009) and increase sediment flux
(Li et al., 2007; Tchakerian, 2014). Sediment flux was highest under blackbrush-
dominated sites (18.76 + 18.76 g m-2 day-1) while it was the lowest in pinyon-juniper
woodland (6.95 = 5.91 g m™ day™!). The differences of sediment flux between vegetation
types and mancos sites can result from the bare grounds, the amount of precipitation in
these grounds, the size and structure of vegetation, disturbance of soil surface by animals
and people, and wind speed exposed. Munson et al. (2011) reported decreases in
vegetation covers (blackbrsuh, sagebrush, saltbrush, and grasslands) of the Colorado
Plateau with global warming. This may cause increases in sediment transportation in the
future because the bare ground will increase as the vegetation cover decreases. It is also

because horizontal sediment flux is correlated with climate parameters as it is reported in
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the previous studies (Nauman et al., 2018). For example, higher temperature and low
precipitation give rise to increases in horizontal sediment flux in this area (Munson et al.,
2011), and our model also showed similar results. Sediment flux is mostly a function of
climate variables such as wind speed and precipitation.

Nauman et al. (2018) in this area reported that aeolian sediment transport
increases as a result of surface disturbances owing to grazing and off-road vehicle use on
sensitive soils and landscape settings, with climate change. Our findings also illustrate
that biological soil crust, vegetation types, and grazing conditions are the factors that we
can manage. Biological soil crust can increase the infiltration rate and soil moisture
content (Bowker et al., 2006), which can support vegetation communities and increase
the resistance to wind erosion in bare grounds. Biological soil crusts were very sensitive
to disturbances due to grazing and off-road vehicles, so high biological crusts were
mostly observed in the undisturbed areas such as National Parks. The grazing conditions
didn’t provide a big contribution to our random forest model (Fig. 14), but sediment
transportation was also higher under the grazed conditions (10.665 + 16.52 g m™ day™!) in
summer and spring (Fig. 11) likely because the animals and human-induced causes
disturbed the soil surface, thus reduced the resistance to the wind power (Belnap et al.,
2001; Lemos & Lutz, 2010). The result demonstrates that more detailed researches are
needed to evaluate livestock management approaches since it has a big effect on soil
surfaces, especially on soil crusts. For instance, Moncos Shale has sparse vegetation that
is sensitive to grazing disturbance, but can have high biological soil crust cover when
protected (Duniway et al. 2018). Contribution of biological crust to the model was high,

but the amount of biological crust over the study area except for National Parks was low
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because of the disturbances. Also, the ground cover in these systems can intensify and
persevere during drought when livestock is excluded (Duniway et al., 2018). Therefore,
future research on and management of biological soil crust, vegetation types, and grazing
conditions are essential to wind erosion modeling since they are the important variables
that we can manage to amend the bare grounds of the drylands.

Results inform our current understanding of wind erosion processes in drylands
by evaluating the interactions between the factors and wind erosion at a landscape scale.
Random forest model improved the variance in sediment transport explained relative to
regression tree analysis. Soil moisture predictions provided a better understanding of
wind erosion by improving model predictions, but seasonal rain can be an alternative if
soil moisture is not available. However, increasing sample size from roughly 1,000 to
1,500 sediment flux collections allowed the largest improvement in variance in sediment
flux explained. Results are expected to be helpful to managers for recovery works,
scientists to choose variables for further modeling or local people to increase the
awareness of wind erosion impacts on nature. For example;

» Long term and large-scale coordinated monitoring and data collections allow
scientists to better deduce the impacts of land management policies and practices on
wind erosion. This may even lead to interdisciplinary efforts which will be necessary

for a better understanding on how to best model the processes of wind erosion.



38

REFERENCES

Aguiar, M. R., & Sala, O. E. (1999). Patch structure, dynamics and implications for the
functioning of arid ecosystems. Trends in Ecology and Evolution. pp. 29-32.

Barthes, B., & Roose, E. (2002). Aggregate stability as an indicator of soil susceptibility
to runoff and erosion; validation at several levels. Catena. 47(2), pp. 133-149.

Bach, A., Brazel, A., and Lancaster, N. (1996). Temporal and spatial aspects of blowing
dust in the Mojave and Colorado deserts of southern California, 1973—1994. Phys.
Geogr. 17, pp 329-353.

Bagnold, R.A. (1941). The physics of blown sand and desert dunes. London: Methuen.
Progress in Physical Geography. 18(1):91-96.

Belnap, J., & Gillette, D. A. (1997). Disturbance of biological soil crusts: Impacts on
potential wind erodibility of sandy desert soils in Southeastern Utah. Land
Degradation and Development. 8(4), pp. 355-362.

Belnap, Jayne, Rosentreter, R., Leonard, S., Kaltenecker, J. H., Williams, J., Eldridge, D.
J., ... Ushakov, V. G. (2001). BIOLOGICAL SOIL CRUSTS : Technical Reference
1730-2. Management. 110 p.

Belnap, Jayne, Welter, J. R., Grimm, N. B., Barger, N., and Ludwig, J. A. (2005).
Linkages between microbial and hydrologic processes in arid and semiarid
watersheds. Ecology. 86(2), pp. 298-307.

Belnap, J., R. L. Reynolds, M. C. Reheis, S. L. Phillips, F. E. Urban, and H. L. Goldstein
(2009). Sediment losses and gains across a gradient of livestock grazing and plant

invasion in a cool, semi-arid grassland, Colorado Plateau, USA, Aeolian Research,
1(1-2), 27-43.

Belnap, J., Munson, S. M. and Field, J. P. (2011). Aeolian and fluvial processes in
dryland regions: the need for integrated studies. Ecohydrol. 4: pp 615-622.

Bergametti, G., J. L. Rajot, C. Pierre,C. Bouet, and B. Marticorena (2016). How long
does precipitation inhibit wind erosion in the Sahel?Geophys. Res.Lett. 43, pp 6643—
6649.

Bertici, R., Rogobette, Gh., and Grozav, A. (2014). Aeolian Sediment. Psamosols and/or
Arenosols. Research Journal of Agricultural Science. 46(1), pp 60-66.

Borrelli, P., Panagos, P., & Montanarella, L. (2015). New insights into the geography and
modelling of wind erosion in the European agricultural land. Application of a



39

spatially explicit indicator of land susceptibility to wind erosion. Sustainability
(Switzerland). 7(7), pp. 8823-8836.

Bowker, M. A., Belnap, J., & Miller, M. E. (2006). Spatial modeling of biological soil
crusts to support rangeland assessment and monitoring. Rangeland Ecology and
Management. 59(5), pp. 519-529.

Breiman, L. (2001). Ramdom Forest. Machine Learning . 45, pp. 05-32.

Breshears, D. D., Whicker, J. J., Zou, C. B, Field, J. P., & Allen, C. D. (2009). A
conceptual framework for dryland aeolian sediment transport along the grassland-
forest continuum: Effects of woody plant canopy cover and
disturbance.Geomorphology. 105(1-2) 28-38.

Breuninger, R.H., Gillette, D.A., Kihl, R. (1989). Formation of wind-erodible aggregates
for salty soils and soils with less than 50% sand composition in natural terrestrial
environments. In: Leinen, M., Sarnthein, M. (Eds.), Palaeoclimatology and
palaeometeorology: modern and past patterns of global atmospheric transport. Kluwer
Academic, Dordrecht, pp. 31-64.

Brieuc, M. S. O., Waters, C. D., Drinan, D. P., & Naish, K. A. (2018). A practical
introduction to Random Forest for genetic association studies in ecology and
evolution. Molecular Ecology Resources. 18(4) 755-766.

Bryan, R.B., Govers, G., Poesen, J. (1989). The concept of soil erodibility and some
problems of assessment and application. CATENA 16, 393—412.

Castillo-Escriva, A., Lopez-Iborra, G. M., Cortina, J., & Tormo, J. (2019). The use of
branch piles to assist in the restoration of degraded semiarid steppes. Restoration
Ecology. 27(1), pp 102-108.

Chappell, A., McTainsh, G., Leys, J., & Strong, C. (2003). Using geostatistics to
elucidate temporal change in the spatial variation of aecolian sediment transport. Earth
Surface Processes and Landforms, 28(6), 567—585.

Chappell, A., Warren, A., O’Donoghue, A., Robinson, A., Thomas, A., & Bristow, C.
(2008). The implications for dust emission modeling of spatial and vertical variations
in horizontal dust flux and particle size in the Bod¢lé Depression, Northern Chad.
Journal of Geophysical Research Atmospheres. pp. 113(4).

Chen, W., D. Zhibao, L. Zhenshan, and Y. Zuotao (1996). Wind tunnel test of the
influence of soil moisture on erodibility of loessial sandy loamsoil by wind,J. Arid
Environ.,34, 391-402.

Chepil, W. S. (1956). Influence of moisture on erodibility of soil by wind,Soil Sci. Soc.
Am. Proc. 20, pp 288-292.



40

Clow, D. W., M. W. Williams, and P. F. Schuster. (2016). Increasing acolian dust
deposition to snowpacks in the Rocky Mountains inferred from snowpack, wet
deposition, and aerosol chemistry. Atmospheric Environment 146:183—194.

Cornelis, W. M., Gabriels, D., & Hartmann, R. (2004). A parameterisation for the
threshold shear velocity to initiate deflation of dry and wet sediment.
Geomorphology. 59(1-4), 43-51.

Crawley, D. M., & Nickling, W. G. (2003). Drag partition for regularly-arrayed rough
surfaces. Boundary-Layer Meteorology. 107(2), pp 445-468.

Cutler, D. R., Edwards, T. C., Beard, K. H., Cutler, A., Hess, K. T., Gibson, J., & Lawler,
J. J. (2007). Random forests for classification in ecology. Ecology. 88(11), pp. 2783-
2792.

Duniway MC, Nauman TW, Johanson JK, Green S, Miller ME, Williamson JC,
Bestelmeyer BT. (2016). Generalizing ecological site concepts of the Colorado
Plateau for landscape-level applications. Rangelands 38(6): 342—-349.

Duniway, M. C., E. L. Geiger, T. J. Minnick, S. L. Phillips, and J. Belnap. 2018. Insights
from long-term ungrazed and grazed watersheds in a salt desert Colorado Plateau
ecosystem. Rangeland Ecology & Management 71:492-505.

Ehrlinger, J. (2014). ggRandomForests : Random Forests for Regression. Cleveland:
Cleveland Clinic. 1501.07196 [stat.CO].

Faraway JJ, (2005). Extending the linear model with R: generalized linear, mixed effects
and nonparametric regression models. CRC press, Boca Raton, FL, USA

Field, J. P., Breshears, D. D., & Whicker, J. J. (2009). Toward a more holistic perspective
of soil erosion: Why aeolian research needs to explicitly consider fluvial processes
and interactions. Aeolian Research, 1(1-2), 9-17.

Field, J. P., Breshears, D. D., Whicker, J. J., & Zou, C. B. (2012). Sediment capture by
vegetation patches: Implications for desertification and increased resource
redistribution. Journal of Geophysical Research: Biogeosciences. pp. 117.

Flagg, C. B., Neff, J. C., Reynolds, R. L., & Belnap, J. (2013). Spatial and temporal
patterns of dust emissions (2004-2012) in semi-arid landscapes, southeastern Utah,
USA. Aeolian Research, 15, 31-43.

Floyd, K. W., and T. E. Gill (2011). The association of land cover with acolian sediment
production at Jornada Basin, New Mexico, USA, Aeolian Research, 3(1), 55-66.

Fox, E. W., Hill, R. A., Leibowitz, S. G., Olsen, A. R., Thornbrugh, D. J., & Weber, M.
H. (2017). Assessing the accuracy and stability of variable selection methods for



41

random forest modeling in ecology. Environmental Monitoring and Assessment.
189(7): pp. 316.

Franzluebbers, A. (2002). Water infiltration and soil structure related to organic matter
and its stratification with depth. Soil and Tillage Research, 66(2), 197-205.

Fryrear, D. . (1986). A field dust sampler. Journal of Soil and Water Conservation. 41(2),
117-120.

Funk, R., Skidmore, E.L., Hagen, L.J. (2004). Comparison of wind erosion measurements
in Germany with simulated soil losses by WEPS. Environmental Modelling &
Software 19, pp 177-183.

Gillette, D. A. (1979). Environmental factors affecting dust emission by wind erosion.
Saharan Dust. SCOPE Report 14.

Godfrey, A.E., Everitt, B.L., and Duque, J.F.M. (2008). Episodic sediment delivery and
landscape connectivity in the Mancos Shale badlands and Fremont River system,
Utah, USA. Geomorphology 102, 242-251.

Goldstein, B. A., Hubbard, A. E., Cutler, A., & Barcellos, L. F. (2010). An application of
Random Forests to a genome-wide association dataset: Methodological
considerations and new findings. BMC Genetics. 14, pp. 11:49.

Goossens, D. (2000). Wind Tunnel and Field Calibration of Six Aeolian Dust Samplers.
Atmospheric Environment, 24(7), pp 1043-1057.

Greene, R. S. B., & Ringrose-Voase, A. J. (1993). Micromorphological and hydraulic
properties of surface crusts formed on a red earth soil in the semi-arid rangelands of
eastern Australia. Developments in Soil Science.22, pp. 763-776.

Gupta, M., Srivastava, P. K., Islam, T., & Ishak, A. M. Bin. (2014). Evaluation of TRMM
rainfall for soil moisture prediction in a subtropical climate. Environmental Earth
Sciences. 71(10), pp 4421-4431.

Hastie, T. & Tibshirani R., J. F. (2000). The Elements of Statistical Learning: Data
Mining, Inference, and Prediction, Second Edition. In Journal of Obstetrics and
Gynaecology.

Hastie, T., Tibshirani, R., & Friedman, J. (2009). Elements of Statistical Learning 2nd ed.
In Elements.

Herrick, E. J., Van Zee, W. J., Havstad, M. K., Burkett, M. L., & Whitford, G. W. (2005).
Manual for Grassland, Shrubland and Savanna Ecosystems. Volume I: Quick Start,
USDA-ARS Jornada Experimental Range, Las Cruces, New Mexico.



42

Hotta, S., S. Kubota, S. Katori, and K. Horikawa (1984). Sand transport on a wet sand
surface, Proc.19thCoastal Eng.Conf.New York, Am. Soc.Emission of Civil Eng., pp.
1265-1281.

Ikazaki, K., Shinjo, H., Tanaka, U., Tobita, S., & Kosaki, T. (2009). Sediment catcher to
trap coarse organic matter and soil particles transported by wind. Transactions of the
American Society of Agricultural and Biological Engineers.52(2), pp. 487-492.

Jickells, T.D., An, Z.S., Andersen, K.K., Baker, A.R., Bergametti, G., Brooks, N., Cao,
J.J., Boyd, P.W_, Duce, R.A., Hunter, K.A., Kawahata, H., Kubilay, N., la Roche, N.,
Liss, P.S., Mahowald, N., Prospero, J.M., Ridgwell, A.J., Tegen, 1., Torres, R. (2005).
Global iron connections between desert dust, ocean biogeochemistry, and climate.
Science 308, 67-71.

Kok, J. F., Parteli, E. J. R., Michaels, T. I., & Karam, D. B. (2012). The physics of wind-
blown sand and dust. Reports on Progress in Physics.75, pp 10.

Lancaster, N. (2009). Aeolian features and processes, in Young, R., and Norby, L.,
Geological Monitoring: Boulder, Colorado, Geological Society of America, p. 1-25

Lancaster, N., & Nickling, W. G. (1994). Aeolian Sediment Transport. In
Geomorphology of Desert Environments. pp 517-555.

Larney, F. J., Bullock, M. S., Janzen, H. H., Ellert, B. H., & Olson, E. C. S. (1998). Wind
erosion effects on nutrient redistribution and soil productivity. Journal of Soil and
Water Conservation.53, pp 133-140.

Laronne, J. B., & Shen, H. W. (1982). The effect of erosion on solute pickup from
Mancos Shale hillslopes, Colorado, U.S.A. Journal of Hydrology, 59(1-2), pp 189-
207.

Lemos, P., & Lutz, J. F. (2010). Soil Crusting and Some Factors Affecting It1. Soil
Science Society of America Journal. 21(5), pp 485.

Li, J., Okin, G. S., Alvarez, L., & Epstein, H. (2007). Quantitative effects of vegetation
cover on wind erosion and soil nutrient loss in a desert grassland of southern New
Mexico, USA. Biogeochemistry. 85(3), pp 317-332.

Li, J., Okin, G. S., McKenzie Skiles, S., & Painter, T. H. (2013). Relating variation of
dust on snow to bare soil dynamics in the western United States. Environmental
Research Letters. 8(4),pp 1-8.

Marshall, J. K. (1971). Drag measurements in roughness arrays of varying density and
distribution. Agricultural Meteorology.8, pp 269-292.



43

Mckenna-Neuman, C., & Nickling, W. G. (2010). A Theoretical And Wind Tunnel
Investigation Of The Effect Of Capillary Water On The Entrainment Of Sediment By
Wind. Canadian Journal of Soil Science. 69(1), pp 79-96.

McTainsh, G. H., Lynch, A. W., & Tews, E. K. (1998). Climatic controls upon dust
storm occurrence in eastern Australia. Journal of Arid Environments. 39(3), pp 457-
466.

Mendez, M. J., Funk, R., & Buschiazzo, D. E. (2011). Field wind erosion measurements
with Big Spring Number Eight (BSNE) and Modified Wilson and Cook (MWAC)
samplers. Geomorphology, 129(1-2), pp 43—48.

Mining Topic: Respiratory Diseases. (2018, September 4). Retrieved from
https://www.cdc.gov/niosh/mining/topics/RespiratoryDiseases.html

Monks, P. S., Granier, C., Fuzzi, S., Stohl, A., Williams, M. L., Akimoto, H., ... Bey, L
(2009). Atmospheric composition change — global and regional air quality.
Atmospheric Environment, 43(33), pp 5268-5350.

Munson, S., J. Belnap, and G. Okin (2011). Responses of wind erosion to climate-
induced vegetation changes on the Colorado Plateau., Proceedings of the National
Academy of Sciences of the United States of America, 108(10), pp 3854-9.

Nauman, T. W., M. C. Duniway, N. P. Webb, and J. Belnap. (2018). Elevated dust
emissions on the Colorado Plateau, USA: the role of grazing, vehicle disturbance, and
increasing aridity. Earth Surface Processes and Landforms 43:2897-2914.

Nickling, W. G., & Neuman, C. M. K. (2009). Aeolian Sediment Transport. In: Parsons
A.J., Abrahams A.D. (eds) Geomorphology of Desert Environments. Springer,
Dordrecht. pp 517-555.

Okin, G. S., Parsons, A. J., Wainwright, J., Herrick, J. E., Bestelmeyer, B. T., Peters, D.
C., & Fredrickson, E. L. (2009). Do Changes in Connectivity Explain Desertification?
BioScience. 59(3), pp 237-244.

Painter, T. H., Barrett, A. P., Landry, C. C., Neff, J. C., Cassidy, M. P., Lawrence, C. R.,
... Farmer, G. L. (2007). Impact of disturbed desert soils on duration of mountain
snow cover. Geophysical Research Letters.34(12), pp 1-6.

Prasad, A. M., Iverson, L. R., & Liaw, A. (2006). Newer classification and regression
tree techniques: Bagging and random forests for ecological prediction. Ecosystems.
9(2), pp 181-199.

Puigdefabregas, J. (2005). The role of vegetation patterns in structuring runoff and
sediment fluxes in drylands. Earth Surface Processes and Landforms. 30(2), pp 133-
147.



44

Rabot, E., Wiesmeier, M., Schliiter, S., & Vogel, H. J. (2018). Soil structure as an
indicator of soil functions: A review. Geoderma. 314, pp 122-137.

Ravi, S., & D’Odorico, P. (2005). A field-scale analysis of the dependence of wind
erosion threshold velocity on air humidity. Geophysical Research Letters. 32(21), pp
1-4.

Ravi, S., D’Odorico, P., & Okin, G. S. (2007). Hydrologic and aeolian controls on
vegetation patterns in arid landscapes. Geophysical Research Letters. 34(24), pp 1-5.

Ravi, S., D’Odorico, P., Breshears, D. D., Field, J. P., Goudie, A. S., Huxman, T. E., ...
Zobeck, T. M. (2011). Aeolian processes and the biosphere. Reviews of Geophysics.
49(3), pp 1-45.

Reynolds, J.F., Stafford Smith, D.M., Lambin, E.F., Turner II, B.L., Mortimore, M.,
Batterbury, S.P.J., Downing, T.E., Dowlatabadi, H., Fernandez, R.J., Herrick, J.E.,
Huber-Sannwald, E., Jiang, H., Leemans, R., Lynam, T., Maestre, F.T., Ayarza, M.,
Walker, B., (2007). Global desertification: building a science for dryland
development. Science 316, pp 847-851.

Rhoades, C., Elder, K., & Greene, E. (2010). The Influence of an Extensive Dust Event
on Snow Chemistry in the Southern Rocky Mountains. Erratum. Arctic, Antarctic,
and Alpine Research. 42(4), pp 497.

Saha, S. K. (2003). Water And Wind Induced Soil Erosion Assessment And Monitoring
Using Remote Sensing And Gis. Satellite Remote Sensing GIS Application in
Agricultural Meteorology. pp. 315-330.

Saleh, a. (1993). Soil Roughness Measurement - Chain Method. Journal of Soil and
Water Conservation. 48(6), pp 527-529.

Saxton, E. K. (1995). Wind Erosion and Its Impact on Off-site Air Quality in the
Columbia Plateau - An Integrated Research Plan. Transactions of the ASAE. 38.
1031-1038.

Selah, A., and D. W. Fryrear (1995). Threshold wind velocities of wet soils as affected by
wind-blown sand, Soil Sci.,160, 304-309.

Shao, Y., McTainsh, G.H., Leys, J.F., Raupach, M.R. (1993). Efficiencies of sediment
samplers for wind erosion measurement. Australian Journal of Soil Research. 31, pp
519-532.

Shao, Y. (2008). Physics and Modelling of Wind Erosion. In Physics and Modelling of
Wind Erosion. https://doi.org/10.1007/978-1-4020-8895-7



45

Simunek, J., Sejna, M., Saito, H., Sakai, M., & van Genuchten, M. T. (2008). The
HYDRUS-1D software package for simulating the one-dimensional movement of
water, heat, and multiple solutes in variably-saturated media, Version 4.08. HYDRUS
Software Series 3. pp 307.

Simunek, J., van Genuchten, M. T., & Sejna, M. (2012). HYDRUS: Model use,
calibration, and validation. Transactions of the American Society of Agricultural and
Biological Engineers. 55(4), pp 1261-1274.

Tchakerian, V. P. (2014). Hydrology, Floods and Droughts: Deserts and Desertification.
In Encyclopedia of Atmospheric Sciences: Second Edition. pp 185-192.

Tegen, 1., and Lacis, A. A. (1996). Modeling of particle size distribution and its influence
on the radiative properties of mineral dust aerosol, J. Geophys. Res., 101 (D14), pp
19237—-19244.

Tegen, 1., Heinold, B., Todd, M., Helmert, J., Washington, R., & Dubovik, O. (2006).
Modelling soil dust aerosol in the Bodélé depression during the BoDEx campaign.
Atmospheric Chemistry and Physics. 6, pp 4345-4359.

Todd, M. C., Washington, R., Martins, J. V., Dubovik, O., Lizcano, G., M’Bainayel, S.,
& Engelstaedter, S. (2007). Mineral dust emission from the Bodélé Depression
nothern Chad, during BoDEx 2005. Journal of Geophysical Research Atmospheres.
112(6), pp 1-12.

Urban, F.E., Reynolds, R.L., Fulton, R. (2009). The dynamic interaction of climate,
vegetation, and dust emission. In: Fernandez-Bernal, A., DeLaRosa, M. (Eds.), Arid
Environments and Wind Erosion. NOVA Science Publishers, Inc., Chapter 11, p.
243-267.

UNEP, WMO, UNCCD. (2016). Global Assessment of Sand and Dust Storms. United
Nations 1031 Environment Programme, Nairobi.

Vogt, J. V., Safriel, U., Von Maltitz, G., Sokona, Y., Zougmore, R., Bastin, G., & Hill, J.
(2011). Monitoring and assessment of land degradation and desertification: Towards
new conceptual and integrated approaches. Land Degradation and Development.
22(2), pp 150 165.

Webb, N. P., McGowan, H. A., Phinn, S. R., & McTainsh, G. H. (2006). AUSLEM
(AUStralian Land Erodibility Model): A tool for identifying wind erosion hazard in
Australia. Geomorphology. 78(3-4), pp 179-200.

Webb, N. P., & Strong, C. L. (2011). Soil erodibility dynamics and its representation for
wind erosion and dust emission models. Aeolian Research.3(2), pp 165-179.



46

Webb, N. P., & Pierre, C. (2018). Quantifying Anthropogenic Dust Emissions. Earth’s
Future. 6(2), pp 286-295.

Whicker, J. J., Pinder, J. E., & Breshears, D. D. (2006). Increased Wind Erosion from
Forest Wildfire: Implications for Contaminant-Related Risks. Journal of Environment
Quality. 35(2), pp 468-478.

Whicker, J. J., Breshears, D. D., & Field, J. P. (2014). Progress on relationships between
horizontal and vertical dust flux: Mathematical, empirical and risk-based
perspectives. Aeolian Research. 14, pp 105-111.

Wolfe, S. A., & Nickling, W. G. (1993). The protective role of sparse vegetation in wind
erosion. Progress in Physical Geography. 17(1), pp 50-68.

Xi, X., & Sokolik, I. N. (2015). Seasonal dynamics of threshold friction velocity and dust
emission in Central Asia. Journal of Geophysical Research. 120(4), pp 1536-1564.

Yang, X., & Leys, J. (2014). Mapping wind erosion hazard in Australia using MODIS-
derived ground cover, soil moisture and climate data. [OP Conference Series: Earth
and Environmental Science. 17(1), pp 1-6.

Zanella, L., Folkard, A. M., Blackburn, G. A., & Carvalho, L. M. T. (2017). How well
does random forest analysis model deforestation and forest fragmentation in the
Brazilian Atlantic forest? Environmental and Ecological Statistics. 24(4), pp 529-549.

Zobeck, T. M. (1991). Soil properties affecting wind erosion.J. Soil Water Cons. 46(2),
pp 112-118.

Zobeck, T.M., Popham, T.W., Skidmore, E.L., Lamb, J.A., Merrill, S.D., Lindstrom,
M.J., Mokma, D.L., Yoder, R.E. (2003). Aggregate-mean diameter and wind-erodible
soil predictions using dry aggregate-size distributions. Soil Science Society of
America Journal 67, 425-436.



	The Factors Affecting Wind Erosion in Southern Utah
	Recommended Citation

	The factors affecting wind erosion in southern utah
	ABSTRACT
	PUBLIC ABSTRACT
	ACKNOWLEDGMENTS
	CONTENTS
	LIST OF TABLES
	LIST OF FIGURES
	introduction
	Literature review
	Sediment Sampler
	Vegetation
	Soil Moisture
	Wind Speed
	Soil Crusts

	Materials and Methods
	Meteorological Data
	Assessment of Physical Site Characteristics
	a. Variations in Sediment Flux
	b. Random Forest Model

	Results
	Climate Data Analysis
	Sediment Flux Variations
	Random Forest Outputs

	Discussion
	References

